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ABSTRACT    This  paper is  not  a  report  of  real  research.  It  is  a  sample publication
generated  entirely  by  an  artificial  intelligence  system  for  demonstration  purposes,
intended to be uploaded, catalogued, previewed, indexed and preserved in institutional
repositories,  current  research  information  systems  (CRIS)  and  related  scholarly
infrastructure  during  testing,  training  and  product  presentations.  The  document
deliberately  reproduces  the  conventions  of  a  typical  research article  — a  structured
abstract,  keywords,  persistent-identifier  placeholders,  a  methods  section,  figures,  a
table, a discussion and a reference list — so that it can exercise the same workflows as a
genuine  manuscript.  All  “results”  are  synthetic  and  illustrative,  all  authors  and
institutions are invented, and no claim made herein should be cited, reused as evidence
or interpreted as a scientific finding. We describe how the document was produced, what
it is useful for, and which safeguards should accompany any AI-generated demonstration
content placed in systems that also hold real scholarly records.
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1. Introduction

Every system that manages scholarly
output eventually needs content that
looks real  but  is  not.  Repository  ad‐
ministrators  rehearse  submission
workflows, developers verify that full-
text  extraction behaves as  expected,
trainers  walk  new  editors  through
metadata forms, and vendors present
new features to prospective clients. In
each  case,  using  a  genuine  article
raises  practical  questions:  whose
work is being displayed, whether the
licence  permits  it,  and  whether  test
records  might  accidentally  leak  into
public  indexes,  harvesting  endpoints
or research evaluation reports.

A common workaround is the “lorem
ipsum”  document:  a  file  filled  with
placeholder text.  While  adequate for
checking that a file uploads, such doc‐
uments are poor substitutes for  real
manuscripts.  They  lack  recognisable
structure,  produce  meaningless
search  results  and  give  audiences
little  sense of  how a finished record
will appear to readers. Conversely, a
realistic  fake  runs  the  risk  of  being
mistaken for genuine research.

This  document  attempts  a  middle
path. It was generated by an AI lan‐
guage  model  to  resemble  a  conven‐
tional  research  article  as  closely  as

possible in form, while stating clearly
and repeatedly — in its title, abstract,
banner,  running  footer  and  water‐
mark  —  that  it  is  a  demonstration
artefact.  The  following  sections  de‐
scribe  the  intended  uses  of  such  a
document (Section 2), the process by
which it was produced (Section 3), a
set of illustrative “results” (Section 4)
and a discussion of benefits, risks and
recommended  safeguards  (Sections
5–6).

Important disclaimer

This  article  was  written  by  an  AI
system. It contains no real data, no
real  authors  and  no  real  findings.
Figures  and  tables  are  illustrative
only.  Please do not  cite  this  docu‐
ment as a source.

2. Purpose of This Document

The document is designed to serve as
a neutral, reusable test object. Its in‐
tended  applications  fall  into  four
broad groups.

2.1 Workflow testing

Submission,  review  and  approval
workflows  in  repositories  often  in‐
volve  several  roles  and  states.  A
sample article allows each step — de‐
posit, metadata entry, licence accept‐
ance,  editorial  review,  embargo con‐

figuration and final  publication — to
be  performed  end-to-end  without
touching genuine records.

2.2  Metadata  and  identifier
handling

The document  carries  metadata that
closely mirror those of a real article:
multiple  authors  with  affiliations,  a
corresponding author, keywords, a li‐
cence, a journal title, volume and is‐
sue numbers, and a DOI-like identifi‐
er. The identifier is intentionally mal‐
formed (10.XXXX) so that it cannot re‐
solve or collide with a registered DOI,
while still testing how systems parse,
display and validate identifier fields.

2.3 Rendering and discovery

The  multi-column  layout,  embedded
vector figures and a data table allow
administrators to check PDF preview
components,  thumbnail  generation,
full-text extraction and search index‐
ing.  Coherent  prose  also  makes
search results meaningful.

2.4 Training and presentation

For  training  sessions  and  product
demonstrations, a realistic but clearly
labelled  document  helps  audiences
understand  what  a  finished  record
looks  like,  without  the  presenter

JOURNAL OF DEMONSTRATIVE RESEARCH ARTEFACTS
Research Article · Open Access · CC BY 4.0

Vol. 0 · Issue 0 · pp. 1–3 · 2026
DOI: 10.XXXX/demo.2026.0001 (placeholder, not registered)

Received: 24 Sep 2026 · Accepted: 24 Sep 2026 · Published: 24 Sep 2026

J. Demonstr. Res. Artefacts · Vol. 0 (2026) AI-generated sample — not a real publication Page 1 of 3



SAMPLE

AI-GENERATED

needing permission  to  display  a  col‐
league’s work or worrying about ex‐
posing unpublished material.

3. Methods

No empirical  method was applied in
the usual sense: no participants were
recruited,  no instruments  were used
and no measurements were taken. In‐
stead, the “methods” consisted of an
automated  generation  pipeline,  sum‐
marised in Figure 1.

Figure 1. Generation pipeline for this sample
publication. Each stage was performed by soft‐
ware; the output is a formatted PDF suitable
for repository ingest. Diagram is illustrative.

3.1 Text generation

A large language model was instruc‐
ted  to  produce  a  three-page  article
with the structure of  a scientific pa‐
per, whose subject is the article itself.
This self-referential topic was chosen
deliberately: it ensures that any read‐
er who opens the file, or any snippet
displayed  in  search  results,  immedi‐
ately reveals the document’s synthetic
nature.

3.2 Synthetic figures and table

Figures were produced programmat‐
ically  from  invented  values  chosen
only to yield visually plausible charts.
The values do not correspond to any
observation,  experiment  or  dataset.
They exist solely so that the document
contains raster-free vector graphics of
the  kind  found  in  genuine  publica‐
tions.

3.3 Layout

The  text  was  typeset  in  a  portrait,
three-column format reminiscent of a
conference  poster  or  extended
presentation handout.  The layout  in‐
cludes  a  coloured  banner,  a  struc‐
tured  abstract  panel,  section  head‐
ings,  figure  captions,  a  highlighted
disclaimer box, a reference list and a
running footer. A faint diagonal water‐
mark is applied to each page.

3.4 Labelling safeguards

The synthetic status of the document
is communicated in at least six inde‐
pendent  places:  the  title,  the  notice
banner, the abstract, a disclaimer box,

the  watermark  and  the  footer  on
every page. This redundancy is meant
to survive thumbnails, plain-text con‐
version and search snippets.

4. Illustrative Results

Reading these results

The  numbers  below  are  invented.
They illustrate what  a  results  sec‐
tion typically looks like and should
not  be  interpreted  as  evidence  of
anything.

To give the document a realistic res‐
ults section, we present three fictional
“findings”. First, a hypothetical panel
of reviewers rated how plausible dif‐
ferent  components  of  human-au‐
thored and AI-generated sample art‐
icles appeared (Figure 2).  In this in‐
vented  scenario,  AI-generated  titles,
abstracts and keywords scored simil‐
arly to human-written ones, whereas
author lists and reference sections —
which in this document are openly fic‐
titious — scored markedly lower.

Figure 2. Mean “plausibility scores” for com‐
ponents of sample articles (fictional data, 1 =
implausible, 5 = highly plausible). Values are
invented for demonstration only.

Second,  we  simulated  how  quickly
three  repository  processes  would
reach completion across repeated test
runs  using a  sample  document  (Fig‐
ure 3). The curves follow simple expo‐
nential  functions  and  were  not  de‐
rived from any real system; they serve
only to show a typical line chart with
a  legend,  axis  labels  and  multiple
series.

Figure 3. Simulated completion of repository
workflows over successive test iterations.
Curves are generated from arbitrary functions
and do not describe real software behaviour.

Third,  Table  1  lists  the  elements  a
sample publication might contain and
indicates  which  repository  functions
each element can help to test. Unlike
the preceding figures, this table is de‐
scriptive rather than numerical, but it
too is illustrative.

Table 1. Elements of this sample document
and the functions they help to test
(illustrative).

Element Present Tests

Structured
abstract

Yes
Description fields,
snippets

Multiple
authors

4
Author entities,
ordering

Affiliations 3
Organisation
linking

Placeholder
DOI

Yes
Identifier
validation

Keywords 6
Subject indexing,
facets

Vector figures 3
Preview,
thumbnails

Table 1 Full-text extraction

Licence
statement

CC BY Rights metadata

Reference list 6 Citation parsing

5. Discussion

5.1 Benefits

The principal advantage of an AI-gen‐
erated sample publication is conveni‐
ence. A realistic document can be pro‐
duced in minutes, tailored to a specif‐
ic discipline, language or layout, and
regenerated  whenever  requirements
change. Because it is written about it‐
self,  its  content  is  inherently  non-
sensitive and free of third-party rights
concerns,  which simplifies its  use in
public  demonstrations  and  shared
training environments.

A  second  benefit  is  consistency.
Teams can use the same sample docu‐
ment  across  test  cycles,  making  it
easier  to  compare  the  behaviour  of
different  system  versions,  configura‐
tions or vendors.
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5.2 Risks

The  very  realism  that  makes  such
documents  useful  also  makes  them
potentially  harmful  if  handled  care‐
lessly. A sample article that is harves‐
ted  by  an  aggregator,  indexed  by  a
search engine or counted in an insti‐
tutional  output  report  could  pollute
the scholarly record. Its fictitious ref‐
erences, if parsed by citation services,
might create spurious links. Its inven‐
ted authors might be matched, incor‐
rectly,  to  real  people  with  similar
names.

More  broadly,  the  growing  ease  of
generating  convincing  scholarly  text
raises concerns about deliberate mis‐
use, including fabricated submissions
to journals and conferences.  Demon‐
stration  documents  should  therefore
never be made indistinguishable from
genuine  work,  and  their  synthetic
nature should be declared as promin‐
ently as is compatible with their test‐
ing purpose.

6. Limitations and
Recommended Safeguards

This  document  has  obvious  limita‐
tions. It  does not represent any par‐
ticular discipline, it contains no genu‐
ine data, and its references are ficti‐
tious.  It  may  not  reproduce  edge
cases such as complex mathematical
notation, non-Latin scripts, very large
files  or  accessibility  features,  all  of
which merit separate test documents.

Based  on  the  considerations  above,
we suggest the following practices for
anyone  using  AI-generated  sample
publications  in  production-adjacent
systems:

Deposit  sample documents only in
dedicated test collections or test in‐
stances.

Exclude such collections from OAI-
PMH harvesting, sitemaps and ex‐
ternal indexing.

Never register real persistent iden‐
tifiers  (DOIs,  Handles)  for  demon‐
stration items.

Use clearly fictitious author names
and  exclude  them  from  author-
matching services.

Keep  disclaimers  in  the  title,  ab‐
stract and visible page elements.

Remove demonstration items once
testing or training is complete.

7. Conclusions

We have presented — and, in a sense,
embodied — an AI-generated sample
publication  intended  for  demonstra‐
tion purposes. The document imitates
the  structure  and  appearance  of  a

real research article closely enough to
exercise  repository  workflows,
metadata  handling,  previews  and
search,  while  declaring  its  synthetic
nature at  every level.  Used with ap‐
propriate safeguards, such documents
can make testing and training faster,
safer  and more  realistic.  Used care‐
lessly,  they  could  contaminate  the
very records they are meant to help
manage. The difference lies not in the
technology  but  in  the  labelling  and
handling practices that surround it.
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